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Abstract
The study examined the association between artificial intelligence (AI) utilization, AI-
driven decision-making, firm creativity, AI capability, and enterprise performance. We
adopted regression analysis and correlation techniques to test the hypotheses.
Furthermore, the study findings show positive associations between AI utilization and
firm performance, AI-driven decision-making, firm creativity, and AI capability.
Additionally, firm creativity and decision-making quality and efficiency mediate the
relationships between AI utilization and MNEs' performance. The results identify the
potential of AI technologies in enhancing firms' operationalization in terms of decision-
making and creativity to gain a competitive advantage. The study provides useful
insights into theoretical implications regarding AI adaptation and utilization to gain a
competitive advantage.
Keywords: Artificial intelligence AI, decision making, creativity, MNEs performance,
novel technologies.

Introduction:
Artificial Intelligence (AI) represents a groundbreaking technological algorithm designed
to emulate human cognitive functions and execute complex tasks with rational behavior,
akin to human beings (Schuett, 2019). Recent years have witnessed remarkable
advancements in AI tools such as artificial neural networks, convolutional neural
networks, Bayesian networks, natural language processing, and Fuzzy systems (Hatcher
et al., 2018). This surge in AI capability, defined as "the ability of a firm to select,
orchestrate, and leverage its AI-specific resources," has been propelled by advancements
in information and communications technology, IT infrastructure, and computational
power, permeating various domains including business strategic and operational decision
making (Lezoche et al., 2020). AI, often characterized as machines or programs
simulating human intelligence through the utilization of advanced algorithms (Kumar, &
Thakur, 2012).
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The contemporary discourse on AI and business underscores the importance of
responsible business practices (Kulkov et al., 2023; Parida, Sjödin, & Reim, 2019).
Linking AI with business models through resources aligns with the principles of
resource-based theory (RBT) (Chowdhury et al., 2023; Koivuniemi, 2020). Firms are
required to leverage resources to develop AI capabilities, encompassing tangible
resources (data, technology, investments, and time), intangible resources (coordination
efficiency, capacity, risk-taking orientation), and human resources (business and
technical skills of employees) (Fosso Wamba et al., 2024). The swift evolution of AI has
unlocked new business prospects for business firms (Abonamah, Tariq, & Shilbayeh,
2021). Moreover, its integration into businesses offers benefits in gaining competitive
advantage through cost saving and quality ehancement (Antony, & Banuelas, 2002).
Despite the significant potential of AI capability to enhance businesses’ performance
(Mikalef and Gupta, 2021). Businesses across the globe encounter substantial challenges
in its adoption and utilization (Cann, 2021).
AI can be leveraged by businesses to elevate customer service through personalized
methodologies and cost-effective techniques (Chaturvedi & Verma, 2023). According to
the resource-based view, the applied capability of AI comprises implicit resources, such
as labor skills and organizational management (Fajimolu, Okonji, & Onyemaobi, 2023;
Pan, & Froese, 2023). Mastery over the organization of these unique resources can
confer a competitive advantage, enhancing firm performance (Kemp, 2023). The
adoption of AI fosters creativity and rationality in decision-making (Jarrahi, 2018).
Understanding the methodologies and factors of AI's impact on the performance of the
firms in terms of theoretical and practical significance (Mikalef et al., 2023). While
numerous studies explore the impact of AI across different industries, a research gap
exists in understanding the composition of AI in Multinational Enterprises (MNEs) in
terms of rational AI-based decision-making and its impact on firm creativity. Moreover,
creativity plays a pivotal role in MNEs in generating sustainable solutions to various
business problems (Moore & Manring, 2009). Moreover, MNEs' performance
necessitates creative models through innovative business approaches (Tallman, Luo, &
Buckley, 2018). AI tools, such as big data, can enhance decision-making for more
profitable outcomes (Duan, Edwards, & Dwivedi, 2019). However, there remains a lack
of focus on firm creativity through the adaptation of AI, AI-based rational decision-
making models, and their impact on MNEs' performance and competitive advantage,
highlighting a significant research gap.
To address this research gap, this study aims to investigate the internal components of AI
and analyze its impact on MNEs' performance, creativity, rational decision-making, and
sustainable development. We will explore the association among MNEs' and AI, AI and
effective decision-making, and AI and MNEs' creativity. The study utilizes partial least
squares structural equation modeling (PLS-SEM) to analyze 1,863 valid questionnaires
collected through online platforms. The study aims to deepen the understanding of AI
applications in MNEs' performance and operationalization while focusing on AI-driven
rational decision-making to enhance firms' creativity and performance.
Literature
Hypothesis Development:
The firm performance is critical in gaining a competitive advantage specifically in a
dynamic business environment (Chatterjee, Rana, Tamilmani, & Sharma, 2021).
Moreover, AI has the potential to influence the overall performance of business firms
with its advanced algorithms that are capable of developing rational business models
based on creative decision-making (Wamba-Taguimdje et al., 2020). AI provides a
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systematic platform through which sustainable and innovative business strategies can be
crafted to enhance the operationalization of the firm (Sjödin, Parida, Palmié, & Wincent,
2021). AI algorithms are capable of processing real-time information to provide rational
solutions to complex problems, thus enabling the management to craft creative and
rational decisions (Andronie et al., 2021).
MNEs across the globe increasingly investing in AI-based technologies to enhance
business performance and contribute significantly towards sustainable business solutions
(Ghauri, Strange, & Cooke, 2021). Furthermore, AI functionality is not just limited to the
decision-making models but is spread across supply chain operations (Gupta, Modgil,
Bhattacharyya, & Bose, 2022), along with intelligent mechanisms that are saving costs
across different domains with the framework of business firms (Areia et al., 2022).
Furthermore, AI-assisted customer services have taken over traditional customer services
channels thus providing effective solutions and handling of the complaints with great
accuracy and satisfaction thus boosting firms’ performance (Adam, Wessel, & Benlian,
2021). The Resource-Based View (RBV) stands as authentic model for understanding
firm's performance based on its resources within a particular industry (Barney, 2001).
The RBV has served as a main platform for numerous studies exploring the effects of
Artificial Intelligence (AI) on firm effectiveness (Chen et al., 2022). Furthermore, AI is
categorized as an intangible resource that when effectively utilized and developed is hard
to copy thus yielding a more effective competitive advantage through the applicability of
an effective AI-based decision-making process (Makhloufi et al., 2021).
Wamba-Taguimdje et al. (2020) examined the impact of (AI) and performance of the
firms. Through an analysis of 500 case studies spanning various organizations, the
authors concluded that the implementation of AI-based projects significantly and
positively influences firm performance across different dimensions. Their findings
indicate that the AI usages are not limited to specific industries or firms sizes; rather,
organizations with SMART strategies regarding AI initiatives leads towards higher level
of performance. Furthermore, based on the above literature discussion we proposed the
following hypotheses:
Hypothesis 1 (H1): There exists a positive relationship between Artificial Intelligence
(AI) and Firms’ Performance (MNEs), thus highlighting the importance of AI adaptation.
Hypothesis 1b (H1B): Firm creativity mediates the positive relationship between
artificial intelligence (AI) and multinational enterprises (MNEs) performance.

Artificial Intelligence (AI) MNEs Performance

Marketing

Operational

Financial

Team Collaboration
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Figure 1: Artificial Intelligence (AI) utilization

Hypothesis 2 (H2): There exists a positive association between AI-driven decision-
making models and firms’ overall business performance.
Hypothesis 2b (H2b): AI-driven decision-making is positively mediated by the decision-
making quality and efficiency (rationality) with firms’ overall business performance.

Figure 2: AI-Driven Decision Making (AIDDM)
Furthermore, Firm creativity (FsC) plays a critical role in fostering the innovation that
enables the firm to gain a competitive advantage in the global business environment
(Esty, & Winston, 2009). Moreover, firm creativity is defined as the capabilities of firms
to generate innovative and sustainable business ideas and solutions (Souto, 2022).
Additionally, firms’ creativity is a combination of new technologies, including artificial
intelligence, big data, and cloud computing, and their integration into different operations
of business firms (Mikalef & Gupta, 2021).
Business firms that place a premium on creativity are more inclined to embrace cutting-
edge technologies, such as artificial intelligence, to upgrade their business and its
international mechanisms (Mikalef & Gupta, 2021). Firm creativity emerges as a crucial
precursor influencing organizations to formulate strategic thinking and decisions (Neill,
McKee, & Rose, 2007). Artificial Intelligence Management (AIM) denotes a system
supporting the implementation of artificial intelligence within a firm (Davenport &
Ronanki, 2018).
Artificial Intelligence Capability (AIC) represents a cornerstone of firm competitiveness,
requiring the harmonious integration of various resources. However, its sustainability is
contingent on continuous monitoring activities (Dagiliene & Šutiene, 2019). The
development and regular updating of systems for artificial intelligence management can
enhance the quality of firms' decisions, consequently yielding improved returns (Bag et
al., 2021). The essence of AI lies in its decision-making capabilities associated with AI
techniques (Saba, Sahli, & Hadidi, 2021). Furthermore, the key factor in gaining a
competitive advantage through the applicability of AI is the role of creativity (Lee, 2022).
Creativity in terms of decisions as well as the development of products and services
ensures efficient performance (Abulsaoud & Adel, 2020). Furthermore, based on the
above discussion we propose the following hypothesis:
Hypothesis 3 (H3): There is a positive association between firm creativity (FsC) and
adaptation of novel technologies (Artificial intelligence A1)

Figure 3: Firm Creativity (FC)

Hypothesis 4 (H4): There exists a positive association between AI capabilities, and firms'
decisions’ quality.

AI: Big Data,
Cloud

Decision Making
Quality and Efficiency
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Figure 4: Artificial Intelligence Capability (AIC)

Theoretical Framework
Given the aim of scrutinizing the influence of AI in terms of firms' performance, the
utilization of the RBV framework appears appropriate. We applied the resource-based
theory (RBT) to our study it is a comprehensive framework that provides structure for
understanding a firm's operationalization and gaining competitive advantage (Barney,
1991; Wernerfelt, 1984). RBT works on the principle of valuable resources that are
unique (Barney, 1991; Wernerfelt, 1984). We combined RBT with AI technologies in
this way firms can utilize existing resources more effectively thus taking AI as a valuable
resource in gaining a competitive advantage.
Studies have shown that the RBV offers a suitable platform for exploring vibrant
business environments. Moreover, this suitability stems from the consistent association
between the complementarity of resources and the generation of unique resources for
competitive success (Dutta et al., 2005). Moreover, utilizing the RBV framework appears
to be a prudent approach, given its potential for accommodating future expansions in
understanding the interplay between AI and firm performance.

Conceptual Model

Figure 5: Conceptual Model
Methodology
We adopted an online survey to collect the data from the MNEs operating in the People's
Republic of China. These MNEs were specifically selected as these MNEs have adopted
AI technologies. All survey items were sourced from previous studies and tailored to the
specific context of AI adoption, utilization, and consequences. The study data collected
time-period span from November 2022 to December. Furthermore, we contacted 3,472
MNEs and 1,863 agreed to participate in the study. The constructs were measured using
a seven-point Likert scale, ranging from 'strongly disagree' (1) to 'strongly agree' (7). The
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construct of AI utilization items was based on Tarafdar, Beath, & Ross, 2019 work (AI
attitude scale (AIAS-4)), AI-driven decision scale by Phillips-Wren & Ichalkaranje, 2008
(Scale Decision Making (LSDM)), firms’ creativity scale by Gong, Zhou, & Chang,
2013; and AI capabilities scale based on the work of Mikalef, Fjørtoft, & Torvatn, 2019.
The data was collected from the Chief Technology Officer (CTO)/Chief Information
Officer (CIO); Head of Innovation or Research & Development (R&D); Senior
Managers; and Directors of Business Units. Project was funded by Af Research Center
Grant Number (AFRC/12/TAF/2023/004)
Results and Analysis
In this study, we have employed Least Squares Structural Equation Modeling (PLS-SEM)
and fuzzy-set Qualitative Comparative Analysis (fsQCA) to provide complementary
perspectives for examining the relationships within models. PLS-SEM offers insights
into linear relationships, while fsQCA delves into non-linear associations. Furthermore,
we applied regression and correlation models to test the hypotheses. We used Smart PLS
v4 and SPSS v24 to analyze the data.

Reliability and Validity
Table 1. Factor Loading, Construct Reliability, and Validity
Variables Loadings CA CR AVE
Artificial Intelligence (AI) (items) 0.876 0.906 0.754
AI1 0.612
AI2 0.753
AI3 0.646
AI4 0.763
AI5 0.678
AI6 0.703
AI7 0.798
AI8 0.704
AI9 0.732
AI-Driven Decision Making (AIDDM) (items) 0.821 0.987 0.767
DM1 0.745
DM2 0.632
DM3 0.752
DM4 0.742
DM5 0.654
DM6 0.733
DM7 0.767
DM8 0.760
DM9 0.604
Firm Creativity (FC) (items) 0.842 0.973 0.784
FC1 0.652
FC2 0.733
FC3 0.654
FC4 0.667
FC5 0.729
FC6
Artificial Intelligence Capability (AIC) (items) 0.842 0.955 0.743
IC1 0.761
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IC2 0.672
IC3 0.724
IC4 0.634
IC5 0.692
IC6 0.761
IC7
Firms’ Performance 0.823 0.945 0.711
FP1 0.742
FP2 0.621
FP3 0.862
FP4 0.791
FP5 0.672
“Note: CA, Cronbach's Alpha; CR, composite reliability; AVE, average variance
extracted.”

Table 1 depicts the results regarding scale reliability and validity. In the Artificial
Intelligence (AI) construct, individual items (AI1 through AI9) exhibit strong factor
loadings ranging from 0.612 to 0.876, signifying robust relationships between these
items and the AI construct. The high Cronbach's Alpha (CA) value of 0.906 indicates
substantial internal consistency among the AI items, suggesting that they collectively
measure the AI construct reliably. Additionally, the composite reliability (CR) value of
0.754 further supports the notion of good internal consistency within the AI construct.
The average variance extracted (AVE) value of 0.754 implies that approximately 75.4%
of the variance in the AI items is accounted for by the AI construct, highlighting its
convergent validity. Furthermore, the AI-driven decision-making construct demonstrates
strong factor loadings for its constituent items (DM1 through DM9) ranging from 0.604
to 0.821, indicating robust relationships with the underlying construct. Furthermore,
Cronbach's Alpha (CA) value of 0.987 shows a high internal consistency across the scale
items (DM items). Furthermore, the composite reliability (CR) of 0.767 further
strengthens the scale reliability and shows good internal consistency among AI-driven
decision variables. Furthermore, we obtained an average variance extracted (AVE) of
0.767 that shows strong convergent validity of the construct. Moreover, the Firm
Creativity (FC) variable’s items ranging from FC1 to FC6 show strong factor loadings
ranging from 0.652 to 0.842. Additionally, the high Cronbach's Alpha (CA) value of
0.973 shows a strong internal consistency among items, thus indicating a good reliability
of the instrument. Similarly, the composite reliability (CR) value of 0.784 shows strong
internal consistency (Firm Creativity) along with a strong variance (AVE) value of 0.784.
Lastly, in the Artificial Intelligence Capability (IC) variable, items ranging from IC1 to
IC7 show strong factor loadings ranging from 0.634 to 0.761, thus establishing a strong
association. Furthermore, the high Cronbach's Alpha (CA) value of 0.955 shows a strong
internal consistency among the Artificial Intelligence Capability (AIC) items, showing
the reliability of the research instrument. Additionally, the composite reliability (CR)
value of 0.743 shows a strong internal consistency within the AIC variable with a strong
average variance extracted (AVE) value of 0.743.
Cronbach's Alpha (CA), Composite Reliability (CR), and Average Variance Extracted
(AVE) serve as key indicators in evaluating the internal consistency and convergent
validity of the construct. In this study, Firms' Performance demonstrates high internal
consistency, as reflected by a Cronbach's Alpha value of 0.823, indicating a strong
correlation among the items within the construct. Additionally, the Composite Reliability
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value of 0.945 suggests excellent reliability, signifying that the items reliably measure
the underlying concept of Firms' Performance. Moreover, the Average Variance
Extracted value of 0.711 indicates that 71.1% of the variance in the observed variables is
explained by the construct, highlighting its good convergent validity. These results
affirm the reliability and validity of the measurement model in accurately assessing
Firms' Performance. Cronbach's Alpha of Firms' Performance at 0.823 indicates a strong
correlation among the items, whereas, Composite Reliability, with a value of 0.945
shows excellent reliability. Average Variance Extracted, with a value of 0.711 which
shows 71.1% of the variance in the observed variables is explained by the construct.
Table 2. Discriminant Validity (Fornell and Larcker)

1 2 3 4 5
01 Artificial Intelligence (AI) 0.823
02. AI-Driven Decision Making 0.475 0.815
03. Firm Creativity (FC) 0.512 0.397 0.837
04. Artificial Intelligence Capability 0.542 0.451 0.413 0.843
05. Firm Performance 0.567 0.652 0.876 0.782 0.862

Table 2 depicts the diagonal values ranging from approximately 0.823 to 0.843, implying
substantial convergence validity within each construct, suggesting that the items
effectively measure their intended constructs. Off-diagonal elements reflect correlation
coefficients between pairs of constructs, denoting the degree of correlation between them.
The correlation coefficients range from approximately 0.397 to 0.542, indicating
moderate positive correlations between some constructs. For instance, there is a
moderate positive correlation between Artificial Intelligence (AI) and Decision Making
based on AI, AI and Firm Creativity, AI and Artificial Intelligence Capability, AI-Driven
Decision Making and Firm Creativity, AI-Driven Decision Making and Artificial
Intelligence Capability, as well as the Creativity of the firm and Artificial Intelligence
Capability. The square root of the AVE for Firm Performance is 0.862, showing a strong
level of discriminant validity.
Statistical Analysis
Table 3: Regression Analysis
Model Unstandardized

Coefficients
Standardized
Coefficients

t Sig.

B Std. Error Beta
1 (Constant) 1.325 .231 5.735 .000

Firms’
Performance
(MNEs)

.751 .148 .834 5.074 .000

Firm Creativity
(FC)

.687 .118 .623 5.822 .000

a. Dependent Variable: Artificial Intelligence (AI) R-84.3%

Table 3 depicts the regression results regarding hypothesis 1 and hypothesis 1b, the
coefficient for "Firms’ Performance (MNEs)" is 0.751 with a standard error of 0.148.
This indicates that for every one-unit increase in Firms’ Performance (MNEs), there is a
corresponding increase of 0.751 units in Artificial Intelligence (AI) utilization.
Furthermore, the results support Hypothesis 1, suggesting a positive association between
Artificial Intelligence (AI) utilization and Firm Performance (FP). This means that firms
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incorporating AI technologies experience improved financial, operational, marketing,
and team collaboration aspects. A Firm Creativity (FC) statistically significant value of
0.687 shows a positive association with Artificial Intelligence (AI) utilization. Moreover,
we found a positive mediating association between AI and firms' performance through
Firms’ Creativity. Thus supporting Hypothesis 1 and Hypothesis 1b. The results
highlight the importance of Firm Creativity (FC) and artificial intelligence (AI)
utilization in multinational enterprises (MNEs) performance and gaining of competitive
advantage.
Table 4: Regression Analysis

Model Unstandardized
Coefficients

Standardized
Coefficients

t Sig.

B Std. Error Beta
1 (Constant) 1.331 .227 5.863 .000

Firms’
Performance
(MNEs)

.612 .132 .714 4.636 .000

Decision-Making
Quality and
Efficiency

.687 .156 .517 4.403 .000

a. Dependent Variable: AI-Driven Decision Making (AIDDM) (AI) R-87.6%

Table 4 shows a positive association between AI-Driven Decision Making (AIDM) with
Firms’ performance (β = .612; p=0.000). Furthermore, we found a positive mediating
association between AI-Driven Decision Making (AIDM) and Firms’ performance
through Decision Making Quality and Efficiency (Rational Decisions) (β = .687;
p=0.000). Furthermore, these results support Hypothesis 2 (H2) and Hypothesis 2b (H2b).
Table 5: Regression Results

Model Unstandardized
Coefficients

Standardized
Coefficients

t Sig.

B Std. Error Beta
1 (Constant) 1.268 .129 9.829 .000

Novel
Technologies

.791 .201 .526 3.935 .000

a. Dependent Variable: Firms’ Creativity (AI) R-84.1%

Table 5 shows the coefficient for "Novel Technologies" at 0.791 with a standard error of
0.201. This indicates that for every one-unit increase in Novel Technologies, there is a
corresponding increase of 0.791 units in Firms’ Creativity (AI). The results support
Hypothesis 3, suggesting that Firm Creativity (FC) significantly influences the
willingness of organizations to experiment with and adopt novel technologies.

Table 6: Regression Results

Model Unstandardized
Coefficients

Standardized
Coefficients

t Sig.

B Std. Error Beta
1 (Constant) 1.543 .232 6.650 .000
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Novel
Technologies

.791 .245 .634 3.228 .000

a. Dependent Variable: Artificial Intelligence Capability (AIC) R-86.3%

Table 6 presents the coefficient for "Novel Technologies" at 0.791 with a standard error
of 0.245. This indicates that for every one-unit increase in Novel Technologies, there is a
corresponding increase of 0.791 units in Artificial Intelligence Capability (AIC). The
results support Hypothesis 4, suggesting that Artificial Intelligence Capability (AIC),
characterized by the effective development and continuous updating of systems for AI
positively impacts firms' decision-making quality, leading to enhanced returns and
competitive advantages.
Table 7: Pearson Correlation

Artificial Intelligence (AI); AI-Driven Decision Making (AIDDM); Firm Creativity (FC);
Artificial Intelligence Capability (AIC).

The Pearson correlation coefficients presented in Table 7 indicate the strength and
direction of relationships between different variables related to artificial intelligence (AI).
Firstly, the variable of Artificial Intelligence (AI) demonstrates a perfect correlation of 1
with itself, which is expected. Secondly, AI-Driven Decision Making (AIDDM) shows a
strong positive correlation of 0.827 with AI with a p-level of 0.01. Furthermore, Firm
Creativity (FC), shows a strong positive correlation of 0.727 (p=0.000) with AI and
0.676 (p=0.000) with AIDDM. Lastly, Artificial Intelligence Capability (AIC) shows a
strong positive correlation with AI (0.716; p=0.000), AIDDM (0.791; p=0.000), and FC
(0.668; p=0.000). Furthermore, these results strengthen the regression analysis results.

Discussion
The study findings contribute to the understanding of AI in the operationalization of
MNEs (Malik et al., 2021). Moreover, the study highlighted the importance of AI
capabilities in firms’ performance (Mikalef, & Gupta, 2021). Results generated through
factor loading, validity, reliability, regression, and correlation confirm that AI
capabilities shape firms' decision-making and performance. The results show strong
support regarding the utilization of AI in boosting firms’ performance through
developing a creative culture within the strategic formulation and implementation
parameters. Furthermore, we explore the AI-driven decisions along with firms’

Pearson Correlation
Artificial
Intelligence
(AI)

AI-Driven
Decision
Making
(AIDDM)

Firm
Creativity
(FC)

Artificial
Intelligence
Capability (AIC)

Artificial
Intelligence (AI)

1

AI-Driven Decision
Making (AIDDM)

.827** 1

Firm Creativity
(FC)

.727** .676** 1

Artificial
Intelligence
Capability (AIC)

.716** .791** .668** 1

**. Correlation at 0.01 level (2-tailed). N = 1863
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performance (Domini, Dewi, & Cesna, 2023) and we found that AI-generated decisions
are more authentic and rational thus creating more quality and efficient decisions
(Baabdullah, 2024; Agostini, Torras, & Wörgötter, 2017). AI enhances quality and
effectiveness. Furthermore, firms can boost creativity through adaptation of the AI-based
novel technologies such as big data analysis, and cloud spacing thus enhancing the
overall operationalization of the firms. These results of the study are well supported by
the previous studies (e.g. Wamba-Taguimdje et al., 2020; Ho et al., 2022; Mishra, Ewing,
& Cooper, 2022). Furthermore, the results of the study contribute to the in-depth
understanding of AI adaptation and utilization in gaining a competitive advantage.
Leverage artificial intelligence to augment firms’ creativity. MNEs have the opportunity
to integrate AI to automate basic tasks into more innovative techniques to save cost and
enhance effectiveness (Mikalef and Gupta, 2021). Moreover, firms can explore utilizing
AI for innovative endeavors, leveraging advanced data mining techniques to uncover
emerging customer needs from both internal and external data sources. This strategic use
of AI allows businesses to allocate more time towards refining processes, enhancing
products, and optimizing services to meet evolving customer demands.

Managerial and Theoretical Implications:
Leaders can adopt AI to support human resource decisions along with resource
management both tangible and intangible. Managers and supervisors can take assistance
from AI tools and technologies in designing more effective workflow and assignment of
tasks based on time and demand. Furthermore, the results of the study contributed to the
theoretical foundations in the field of organizational theory. The association of AI with a
focus on firms’ performance highlights the critical factors that can be taken into
consideration in the effective utilization of the firms’ resources. Moreover, the findings
reveal insightful implications and provide a comprehensive understanding of A1 and
business development. Firstly, we emphasize the critical importance of AI capability and
its correlation with a firm’s performance and creativity, particularly in advancing key
aspects of sustainable development. Leaders are urged to recognize the significance of
investments in AI technologies, as these investments are essential in a current dynamic
and global environment. Secondly, by gaining a deeper understanding of AI models
specifically in resource management and utilization, leaders should acknowledge the
diverse configurations through which sustainable development can be supported. Current
awareness of the business environment and customers' buying behavior has triggered the
need for sustainable products and services. In light of these challenges, businesses can
develop more effective strategies that utilize AI capability to develop businesses. Thus
fulfilling the SDGs goals (i-e., Sustainable Development (Goal-9)).
Limitation:
The study was conducted in China and only MNEs were taken into consideration.
Moreover, we didn’t use financial data to address the firms’ performance. As firms’
performance was assessed using a subjective approach. Furthermore, we only used
quantitative research methodology these factors limit the scope of the results. In the
future, these limitations can be overcome through the design of mixed methodology
research that utilizes both the techniques of qualitative and quantitative research.
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